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1. INTRODUCTION

Malaysia's  ambitious

The primary purpose of this study is to explore the transformative potential of Artificial
Intelligence (Al) in enhancing the success of telecommunications network rollouts within
Malaysia. Given the nation's digital ambitions, the study addresses the need for effective
deployment of telecommunications infrastructure by investigating Al's role in overcoming
key challenges and optimizing processes. The main objective of this study is to identify
critical challenges in network deployment and explore how Al technologies can optimize
these processes. This includes examining Al's applications in site selection, task
automation, and predictive maintenance. Additionally, the study aims to measure the impact
of Al on deployment success and develop best practices for Al integration into
telecommunications infrastructure. The target audience for this study includes
policymakers, telecommunications companies, and stakeholders involved in network
deployment. Policymakers can use the findings to create supportive regulations, while
telecommunications companies can align their strategies with Al advancements to enhance
competitiveness. The findings of this study provide actionable insights and strategic
recommendations for stakeholders. These include optimizing resource allocation, fostering
stakeholder collaboration, and enhancing decision-making processes. By leveraging Al,
stakeholders can achieve more efficient, cost-effective, and successful network rollouts,
contributing to Malaysia’s digital transformation and socio-economic development. This
research investigates the role of Al in overcoming existing challenges and optimizing
network deployment in Malaysia. It identifies critical success factors, challenges, and
opportunities associated with Al integration. The study employs a multidisciplinary
approach, utilizing empirical analysis, case studies, and interviews with industry
stakeholders to generate strategic recommendations. These insights are intended to
facilitate the effective adoption of Al, thereby driving innovation, efficiency, and
competitiveness in the Malaysian telecommunications landscape.

© 2024 The Authors. Published by Penteract Technology.
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pinpoint optimal locations for network infrastructure.
National  Fiberisation and  /Additionally, Al-powered optimization techniques can

Connectivity Plan (NFCP) aims to propel the country's digital
transformation by expanding high-speed internet access.
However, traditional network deployment methods face
limitations. This research explores how Artificial Intelligence
(Al) can revolutionize this process. The study will focus on two
key areas: identifying current challenges in network
deployment and harnessing Al's capabilities to address them.
Researchers will examine obstacles like site selection
complexities and explore how Al's predictive analytics can

*Corresponding author:

E-mail address: Surenthar Naidu Sekaran <surentharnaidu03@gmail.com>.
https://doi.org/10.56532/mjbem.v3i2.73

2948-4928/ © 2024 The Authors. Published by Penteract Technology.

streamline network design, while predictive maintenance
functionalities can minimize downtime. To ensure successful
Al integration, the research will delve into strategies for both
technological implementation and fostering organizational
readiness within telecommunication companies. The impact of
Al adoption will be measured through metrics like deployment
speed, cost efficiency, network performance, and user
satisfaction. Finally, the research will establish best practices
and recommendations based on successful case studies,
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providing a roadmap for stakeholders to leverage Al effectively
and accelerate Malaysia's digital transformation journey.

2. EASE OF UsE

As Malaysia strives to bridge the digital divide through its
ambitious National Fiberisation and Connectivity Plan (NFCP),
traditional network deployment methods are encountering
limitations.  This research  project investigates the
transformative potential of Artificial Intelligence (Al) in
revolutionizing this critical process. The study will focus on
two key areas: identifying current bottlenecks hindering
efficient network deployment and exploring how Al solutions
can address these challenges.

2.1 Conceptual Framework

The study conceptual framework is shown in Figure 1. We
will delve into complexities like site selection, a crucial factor
in ensuring optimal network coverage. Al's predictive analytics
capabilities hold immense promise in pinpointing the most
suitable locations for towers and network equipment.
Additionally, the research will examine how Al-powered
network optimization techniques can streamline network
design, eliminating redundancy and maximizing resource
allocation. Furthermore, the potential of Al in implementing
predictive maintenance strategies will be explored. This would
allow for proactive interventions and minimize downtime,
leading to a more reliable and consistent network experience for
users.

Regulatory Resource
Environment Allocation
(IV) (IV)

Al Adoption
Strategies

Stakeholder
Collaboration

(IV) Success of (V)

Network
Rollout (DV)

Fig.1. Conceptual Framework

To ensure successful Al integration, the research will go
beyond just the technological aspects. It will delve into
strategies for fostering a culture of innovation and
organizational readiness within telecommunication companies.
This will involve addressing talent development needs and
ensuring employees possess the necessary skills to work
effectively with Al tools.

2.2 Theoretical Framework

This research investigates the potential of Artificial
Intelligence (Al) to enhance network rollout success in
Malaysia's telecommunications industry. It adopts a robust
theoretical framework, drawing from established concepts like
Technology Adoption Models, Institutional Theory, Resource-
Based View, and Network Theory.

The study explores how factors like perceived usefulness
and ease of use of Al tools (Technology Acceptance Model)
influence employee adoption rates, ultimately impacting

deployment success. Additionally, it examines the influence of
external pressures like regulations and industry standards
(Institutional Theory) on how companies approach Al
integration in their network rollout strategies.

Furthermore, the research considers the Resource-Based
View, which emphasizes the importance of internal resources
like technological infrastructure and skilled personnel for
successful Al adoption. Finally, Network Theory is employed
to analyze collaboration patterns between telecommunication
companies, government agencies, and local communities
involved in network rollout projects.

By integrating these various theoretical perspectives, the
research aims to develop a comprehensive understanding of the
factors that influence Al adoption and its impact on network
rollout outcomes in the Malaysian context. This will contribute
valuable insights to both academic scholarship and practical
knowledge in the field of telecommunications and Al
implementation strategies.

2.3 Research Hypotheses

i. There is significant relationship between identified
challenges and efficient network deployment in
Malaysia.

ii. There are significantly enhance site selection,
optimization, and maintenance processes in
telecommunications network deployment.

iii. There are significant differences in the effectiveness of
various strategies for integrating Al technologies into
network deployment processes.

iv. There are significantly impacts the success rates and
efficiency of telecommunications network rollout
projects.

v. There is significant relationship between implementing
best practices for Al-driven strategies and successful
network deployment projects

3. RESEARCH METHODOLOGY

To ensure a systematic and reliable investigation, this
research will employ a robust mixed-methods approach. A
thorough literature review (Phase 1) will lay the groundwork,
examining existing research on Al adoption in network rollout
and relevant theories. Data collection (Phase 2) will then
leverage both quantitative and qualitative methods. Surveys and
questionnaires will gather data on employee perceptions and
deployment challenges (quantitative). Additionally, in-depth
interviews with industry experts, policymakers, and local
communities will capture insights on institutional pressures,
resource  considerations, and collaboration dynamics
(qualitative). Phase 3 involves data analysis using appropriate
statistical methods for quantitative data and thematic analysis
for qualitative interviews. Finally (Phase 4), the research will
integrate findings from both methodologies to present a
comprehensive picture of factors influencing Al adoption and
its impact on network rollout success in Malaysia. This will
culminate in evidence-based recommendations for successful
Al integration within the telecommunications industry.

3.1 Sampling Method and Target Population

To ensure a systematic and reliable investigation, this
research employs a quantitative approach with a cross-sectional
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survey design. We aim to gather data from a representative
sample of telecommunication employees in Malaysia to
understand how Al adoption strategies impact network rollout
success. To achieve this, we will target a sample size of 120
employees selected through a simple random sampling
approach. This method ensures each employee has an equal
probability of being chosen (N = 160, total population; e = 0.05,
desired margin of error). The ideal sample size was calculated
as approximately 114.29. However, to account for potential
non-response bias, we will target a slightly larger sample of
120.

3.2 Data Collection Instrument

The data collection instrument will be an online survey
designed with clarity and participant anonymity in mind. The
survey will incorporate a variety of question formats, including
multiple-choice, Likert scale (measuring agreement levels), and
open-ended questions. This approach allows for the collection
of both quantitative data (e.g., Al adoption levels) and
qualitative insights (e.g., perceived impact of Al on deployment
efficiency). The survey will cover key areas such as:

e Al Adoption: This section will assess the extent to which
telecommunications companies in Malaysia utilize Al
technologies for network rollouts. Questions will
explore the specific Al tools being used and their
integration into deployment processes.

e Regulatory Environment: This section will examine the
regulatory framework governing telecommunications
infrastructure development in Malaysia. Participants
will be asked to evaluate the perceived level of support
or restriction from regulations, including licensing
requirements, spectrum allocation structures, and
compliance standards.

e Resource Allocation: This section will investigate how
resources are allocated during network deployment
projects. The survey will explore the distribution of
financial resources, workforce planning methods, and
infrastructure investment priorities.

o Stakeholder Collaboration: This section will focus on
collaboration dynamics among various stakeholders
involved in network rollout initiatives. The survey will
explore the frequency and extent of collaboration, the
types of partnerships formed, and the perceived benefits
of stakeholder engagement.

e Network Rollout Success Metrics: This section will
assess various metrics used to measure the effectiveness
of network deployment projects. Participants will be
asked to analyse factors like deployment speed,
coverage extent, service quality ratings, and customer
satisfaction levels.

3.3 Data Analysis

Following data collection, we will utilize statistical
analysis tools like SPSS to explore relationships between the
variables captured in the survey. Techniques such as correlation
analysis will identify potential connections between factors like
Al adoption and deployment speed. Furthermore, regression
analysis will be employed to measure the influence of Al
adoption strategies on the overall success of network rollout
projects.

3.4 Ethical Considerations

Ethical considerations are paramount throughout the
research process. Participants will be provided with informed
consent, ensuring they understand the study's purpose,
procedures, and their right to withdraw at any point.
Additionally, data confidentiality will be maintained through
secure storage and anonymization practices.

By employing this robust research methodology, we aim to
achieve a reliable investigation of how Al adoption impacts
network rollout success in Malaysia's telecommunications
industry. The findings from this study will provide valuable
insights for stakeholders involved in network development
initiatives, ultimately contributing to the advancement of
Malaysia's digital infrastructure.

4. RESULTS AND DISCUSSIONS

This chapter delves into the analysis of survey data
collected from 160 Malaysian telecommunication employees
using SPSS software. Here, we'll explore the data through
various methods. Frequency analysis will reveal how many
participants chose each answer option, while the response rate
will indicate the survey completion percentage. Data
summaries will be presented visually using charts and graphs,
providing insights like average scores for Al adoption and
network rollout success. A reliability test will ensure the survey
questions consistently measure what they're intended to
capture. Finally, we'll investigate relationships between
variables like Al adoption and regulations to see how they
influence network rollout success using statistical methods. By
analyzing the data, this chapter aims to test the hypotheses
outlined earlier and ultimately understand how Al and other
factors contribute to successful network rollouts in Malaysia's
telecommunications industry.

4.1 Demographics
4.1.1 Respondent Job Roles

In Malaysia, network deployment projects are driven by a
project-centric approach. Figure 2 shows the respondents
distribution based on their job roles. Nearly half (49.6%) of
personnel involved are in Project Management roles. This
highlights the importance of coordinating various project
aspects like planning, budget, resources, and communication.
Project Managers ensure timely completion, budget adherence,
and quality standards while mitigating risks. The second most
common role (30.1%) is Network Operations. These personnel
keep the network infrastructure running smoothly by
implementing, maintaining, and monitoring its performance
and security. Project Administration (12.4%) provides support
through documentation, reporting, and communication within
the project team and with stakeholders. Network Engineering
(5.3%) focuses on the technical side, designing, planning, and
implementing network solutions for efficient operations. A
small percentage (2.7%) falls under "Others,” which could
include specialists, consultants, or support staff with unique
network deployment project responsibilities.
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= Network Engineering = Project Managemennt
Network Operations = Project Administration

= Others
Fig. 2. Job roles

4.1.2 Respondent Work Experience
The survey shows a mix of experience levels in network
deployment roles in Malaysia as shown in Figure 3.

e Nearly 40% have 3-5 years of experience, likely
working on various project stages.

e Over 30% have 6-10 years of experience, considered
seasoned professionals.

e A significant group (21.2%) has over 10 years of
experience, acting as mentors and leaders.

e Newcomers with 0-2 years make up a smaller portion.

VY

37

= 0-2 years = 3-5years
Fig. 3. Years of Experience

6-10 years = More than 10 years

4.1.3 Respondent Organization Size
Companies involved in network deployment in Malaysia
vary in size as shown in Figure 4.
e Almost half (45.1%) are mid-sized businesses (100-500
employees).

e Over 30% are
employees).

larger organizations (500-1000

e A smaller portion (7.1%) are large enterprises (over
1000 employees).

e The rest are smaller companies (less than 100
employees).

= Less than 100 = 100-500 = 500-1000 = More than 1000

Fig. 4. Company Size
4.2 Descriptive Analysis
The survey results offer insights into how network
deployments are happening in Malaysia. Table 1 shows the
breakdown of key areas:

Table 1. Descriptive statistics

Maximum  Mean Std.
Deviation

6.65548

N Minimum

Success of 113 7.00
Network

Rollout

Al Adoption 113  6.00 19.00
Strategies

Financial 113 1.00 5.00
Resource

Allocation

Stakeholder 113  1.00 5.00
Collaboration

Valid N 113

(listwise)

40.00 20.6018

13.1416  2.29855

3.2566  .79932

1.9469 1.04232

e Success of Network Rollout: The average score (20.6)
suggests moderate success with some variation across
projects. Understanding the reasons behind success or
challenges can help improve future deployments.

o Al Adoption Strategies: The average score (13.1)
indicates consistent, but not widespread, use of Al in
deployments. This highlights the growing potential of
Al for efficiency and automation.

¢ Financial Resource Allocation: The average score (3.2)
suggests moderate consistency in how financial
resources are allocated for these projects. Efficient
allocation is important to ensure enough funding for
various needs.

o Stakeholder Collaboration: The average score (1.9)
shows variation in how well different stakeholders work
together on these projects. Strong collaboration can
improve communication, decision-making, and overall
success.

4.3 Reliability Test on Network’s rollout

The reliability statistics, as shown in Table 2. The
coefficient of .861 for 7 items, provide a measure of the internal
consistency or reliability of the survey or instrument used to
collect data. In this context, a Cronbach's Alpha value of .861
suggests a high level of internal consistency among the items in
the survey. Cronbach's Alpha is a statistic commonly used in
research to assess the reliability of a scale or set of items that
are intended to measure a construct or domain.
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Table 2. Cronbach's Alpha- Network’s rollout

Table 3. Correlation analysis

Scale Cronbach’s Alpha N of Items
Network’s .861 7

rollout

Al- Adoption .073 5

A higher Cronbach's Alpha value indicates that the items
in the scale are highly correlated with each other, suggesting
that they are measuring the same underlying construct
consistently. With a Cronbach's Alpha of .861, we can infer that
the 7 items in the survey related to network deployment projects
exhibit strong internal consistency. This means that
respondents’ answers to these items are reliable indicators of the
constructs they are intended to measure, such as project success,
Al adoption strategies, financial resource allocation practices,
stakeholder collaboration, or other relevant aspects of network
deployment.

4.3.1 Reliability Test on Al- Adoption

The reliability statistics as shown in Table 2, with
Cronbach's Alpha coefficient of .073 for 5 items, reveal
important insights into the internal consistency of the survey or
instrument used in data collection. However, a Cronbach's
Alpha value of .073 indicates very low internal consistency
among the items in the survey. Cronbach's Alpha is a statistical
measure used to assess the reliability or consistency of a scale
or set of items that are designed to measure a particular
construct or domain. A low Cronbach's Alpha suggests that the
items in the scale are not highly correlated with each other,
indicating potential issues with the reliability of the survey
instrument.

In this case, a Cronbach's Alpha of .073 for 5 items
indicates that there may be considerable variability or
inconsistency in respondents' answers to these items. This
variability could be due to several factors, such as unclear
wording of survey questions, ambiguity in response options, or
lack of coherence among the items measuring the intended
construct. Researchers and practitioners should interpret these
results with caution. A Cronbach's Alpha below .70 is generally
considered to indicate poor internal consistency, and a value as
low as .073 suggests a significant lack of reliability in the
survey instrument. It may be necessary to review and revise the
survey items, improve the clarity of questions, or reconsider the
construct being measured to enhance the reliability of future
data collection efforts.

4.4 Pearson Correlation Analysis

The correlation analysis of variables in network
deployment projects provides key insights into the factors
affecting project success as illustrated in Table 3. A strong
positive correlation (r = 0.583**, p < 0.01) between successful
network rollouts and stakeholder collaboration highlights the
importance of effective cooperation, communication, and
alignment among stakeholders. Projects with better
collaboration are more likely to succeed.

Interestingly, there is a negative correlation (r = -0.397**,
p < 0.01) between Al adoption strategies and network rollout
success, suggesting that higher Al adoption doesn't always lead
to better outcomes. This warrants further investigation into the
challenges of integrating Al in these projects.

Succes Al Financi Stakeholde
S of Adoptio al r
Netwo n Resourc  Collaborati
rk Strategi e on
Rollou es Allocati
t on
Success of  Pearson 1 -.397** -.456** .583**
Network Correlati
Rollout on
Sig. (2- .000 .000 .000
tailed)
N 113 113 113 113
Al Pearson - 1 102 -.321**
Adoption Correlati ~ .397**
Strategies on
Sig. (2- .000 .285 .001
tailed)
N 113 113 113 113
Financial Pearson - 102 1 - 702**
Resource Correlati  .456**
Allocation  on
Sig. (2- .000 .285 .000
tailed)
N 113 113 113 113
Stakeholde  Pearson .583** -.321** -.702%* 1
r Correlati
Collaborati  on
on )
Sig. (2- .000 .001 .000
tailed)
N 113 113 113 113

**_Correlation is significant at the 0.01 level (2-tailed).

Another negative correlation (r = -0.456**, p < 0.01)
between financial resource allocation and network rollout
success indicates that poor financial management can hinder
project success. Effective budgeting and resource allocation are
crucial.

Moreover, a strong negative correlation (r = -0.702**, p <
0.01) between financial resource allocation and stakeholder
collaboration suggests that inadequate financial resources can
reduce stakeholder cooperation, emphasizing the need for
proper financial support.

Overall, this analysis underscores the interconnectedness
of factors like stakeholder collaboration, financial resource
allocation, and Al adoption strategies in influencing network
deployment success. Addressing these correlations can help
project leaders make informed decisions and optimize project
performance.

4.5 Multiple Linear Regression Analysis

The model summary in Table 4 gives an overview of the
regression analysis, showing how Stakeholder Collaboration,
Al Adoption Strategies, and Financial Resource Allocation
impact the success of network rollouts. The multiple correlation
coefficient (R) is 0.633, indicating a moderate correlation
between these predictors and network rollout success.

The coefficient of determination (R Square) is 0.400,
meaning that 40% of the variability in network rollout success
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can be explained by these predictors. The adjusted R Square,
which accounts for the number of predictors and sample size, is
0.384, indicating that 38.4% of the variability is explained by
the model.

Table 4. Model summary

Model R R Adjusted R Std. Error of the
Square  Square Estimate
1 .633a .400 .384 5.22418

a. Predictors: (Constant), Stakeholder Collaboration, Al Adoption
Strategies, Financial Resource Allocation

The standard error of the estimate is 5.22418, showing the
average error in predicting network rollout success. A lower
standard error indicates a better model fit.

Overall, the predictors collectively explain about 40% of
the variability in network rollout success, suggesting other
factors may also influence outcomes. Further analysis could
improve the model's accuracy and robustness.

4.6 ANOVA

The ANOVA as shown in Table 5 provides key insights
into the regression model's fit and the significance of the
predictors (Stakeholder Collaboration, Al Adoption Strategies,
Financial Resource Allocation) in explaining the success of
network rollouts.

Table 5. ANOVA

Model Sum of df Mean F Sig.
Squares Square
1 Regression  1986.241 3 662.080 24.259 .000b
Residual 2974.838 109 27.292
Total 4961.080 112

a. Dependent Variable: Success of Network Rollout

b. Predictors: (Constant), Stakeholder Collaboration, Al Adoption
Strategies, Financial Resource Allocation

Regression:

a) Sum of Squares (1986.241): Total variation in network
rollout success explained by the predictors.

b) Degrees of Freedom (df = 3): Number of predictors.

¢) Mean Square (662.080): Average variation explained by
each predictor, calculated by dividing the sum of squares
by the degrees of freedom.

d) F-Value (24.259): Ratio of mean square regression to
mean square residual, indicating overall model
significance.

e) Significance Level (p < 0.001): Indicates the model is
statistically  significant, meaning the predictors
significantly impact network rollout success.

Residual:

a) Sum of Squares (2974.838): Variation in network
rollout success not explained by the predictors.

b) Degrees of Freedom: Determined by the sample size
minus the number of predictors.

c) Mean Square (27.292): Average unexplained variation
Total:

a) Sum of Squares (4961.080): Overall variation in
network rollout success across all data points.

Overall, the ANOVA table shows that the regression
model, with the included predictors, is statistically significant
in explaining the variability in network rollout success. The F-
value of 24.259 (p < 0.001) confirms the model's strong
explanatory power.

4.7 Coefficient Analysis

The coefficients analysis in Table 6 shows how Al Adoption
Strategies, Financial Resource Allocation, and Stakeholder
Collaboration affect the success of network rollout projects.

I.  Constant Term: Represents the baseline success level of
network rollouts without any predictors. It's statistically
significant (p < 0.001), indicating a substantial expected
success even without specific inputs from the predictors

Il. Al Adoption Strategies: Has a significant negative effect
on success, with a negative coefficient (-0.740) and high
statistical significance (p = 0.002). This means higher Al
adoption is linked to lower success rates, suggesting a
need for further investigation into potential challenges
of Al implementation

I1l.  Financial Resource Allocation: Does not show a
statistically significant impact (p = 0.147) despite a
negative coefficient (-1.288). This suggests financial
resources alone may not directly influence success,
indicating other factors might be at play.

IV. Stakeholder Collaboration: Is a highly significant
predictor (p = 0.001) with a positive coefficient (2.503).
This indicates that better collaboration among
stakeholders significantly increases the chances of
successful network rollouts.

Overall, the analysis highlights the complex factors
affecting network rollout success, with stakeholder
collaboration being the most critical driver, while the roles of
Al adoption and financial resources need further examination.

Table 6. Coefficients analysis

Model Unstandardized Standardized t Sig.
Coefficients Coefficients
B Std. Beta
Error
1 (Constant) 29.654  5.600 5295 .000
Al  Adoption -.740 231 -.256 - .002
Strategies 3.210
Financial -1.288  .882 -.155 - .147
Resource 1.461
Allocation
Stakeholder 2.503 710 .392 3.524 .001

Collaboration

a. Dependent Variable: Success of Network Rollout
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4.8 Summary of Hypotheses

e Hypothesis 1: Stakeholder collaboration positively
impacts the success of network rollout. With a Pearson
correlation coefficient of 0.583 (p < 0.01), there is a
strong positive relationship, indicating that effective
stakeholder collaboration is associated with successful
network deployment projects.

e Hypothesis 2: Al adoption strategies negatively impact
the success of network rollout. The Pearson correlation
coefficient of -0.397 (p < 0.01) suggests a significant
negative correlation, implying that higher levels of Al
adoption are linked to lower success rates in network
deployment projects.

e Hypothesis 3: Financial resource allocation negatively
impacts the success of network rollout. With a Pearson
correlation coefficient of -0.456 (p < 0.01), there is a
significant negative correlation, indicating that poor
financial resource allocation is associated with lower
success in network deployment projects.

e Hypothesis 4: Financial resource allocation negatively
impacts stakeholder collaboration. The Pearson
correlation coefficient of -0.702 (p < 0.01) shows a
strong negative correlation, suggesting that inadequate

financial resource allocation negatively affects
stakeholder collaboration in network deployment
projects.

The chapter affirms the hypotheses, highlighting the
importance of effective stakeholder collaboration and other
factors in network deployment project success. These findings
contribute valuable insights for industry practitioners,
policymakers, and researchers.

5. CONCLUSION

The coefficients analysis reveals how Al Adoption
Strategies, Financial Resource Allocation, and Stakeholder
Collaboration affect the success of network rollout projects.
The constant term indicates a significant baseline expectation
for network rollout success (p < 0.001), even without
considering other factors. Al Adoption Strategies have a
significant negative impact on network rollout success, with a
negative coefficient (-0.740, p = 0.002) suggesting that higher
Al adoption is linked to lower success rates, warranting further
investigation into potential challenges with Al integration.
Financial Resource Allocation does not show a statistically
significant impact on network rollout success (p = 0.147). The
negative coefficient (-1.288) hints at a potential negative effect,
but it is not strong enough to be conclusive, implying other
factors may also play a role. Stakeholder Collaboration is a
highly significant positive predictor (p = 0.001) of network
rollout success, with a positive coefficient (2.503) indicating
that better stakeholder cooperation leads to higher success rates.
This highlights the importance of effective communication,
coordination, and collaboration. In summary, while Al adoption
and financial resource allocation are important factors needing
further study, stakeholder collaboration emerges as the key
driver of success in network rollout projects.

The telecommunications industry is essential for
communication, networking, and digital transformation in
modern society. Telecommunications companies undertake
network deployment projects to expand infrastructure, improve

service quality, and meet growing customer demands. Recent
research on network deployment projects in Malaysia's
telecommunications sector has revealed key findings that can
enhance project performance, stakeholder engagement, and
industry sustainability.

One significant finding is the importance of stakeholder
participation in the success of network rollout initiatives.
Effective cooperation involves building strong relationships,
maintaining clear communication, and aligning the goals of
various stakeholders, including internal teams, suppliers,
regulatory authorities, and the community. By emphasizing
collaboration through regular meetings, clear communication
protocols, and collaborative decision-making,
telecommunications firms can better manage project
complexity, reduce risks, and achieve better results.

The research also highlights the strategic implementation
of Artificial Intelligence (Al) in network deployment projects.
The analysis shows a negative relationship between Al
adoption strategies and project performance, suggesting the
need for telecom companies to reassess their Al integration
approaches. By strategically implementing Al to enhance
human capabilities, optimize processes, and address specific
project challenges, companies can achieve more positive
outcomes and long-term benefits.

Financial resource allocation is another crucial factor
emphasized by the research. Proper allocation of financial
resources is vital for project sustainability. Telecom companies
should establish robust budgeting procedures, conduct regular
financial audits, prioritize investments based on project
importance, and explore innovative financing methods to
ensure sufficient financial support for network development
initiatives.

Effective project management practices are also essential
for project success. Project managers play a crucial role in
achieving project excellence, requiring not only technical skills
but also strong leadership, communication, and problem-
solving abilities. By employing project management techniques
such as agile methodologies, risk management frameworks,
stakeholder engagement plans, and performance monitoring
systems, telecom firms can improve project planning,
execution, and monitoring.

Additionally, the research advocates for a culture of
continuous learning and improvement within
telecommunications  organizations. Knowledge sharing,
educational initiatives, and partnerships with other industry
entities are effective ways to stay updated on technological
advancements, regulatory changes, and best practices in
network deployment. By embracing innovation, seeking
feedback-driven  improvements, and being adaptable,
organizations can enhance their resilience and competitiveness
in the dynamic telecom industry.
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